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Objective: Avoid users’ spam in email marketing campaigns by optimizing the targeted audience.

/ Obje Help Travelers find their next trip.
Next Trip Methodology: Deep Knowledge Factorization Machines. [Jpsell Nof tifier hodology: Reinforcement Learning.

Recommendation

Location Embeddings for Next Trip Recommendation 3 Upsell Notifier
Who
W - .
TP T NO!I'I:?tlon Definition \_
— / \
John Doe Name * 4 Fight o Fight
\, EXTRA LEGROOM SEAT NOTIFICATION 1 |Aircraft Type (10 LIST Departure Date
| ) 350,330380.359.388,332333) / & ISONCRAFTER 26/06.. © # &
Recommendation i What How X
My fight credit e 1 F— | Remest -
i C )
\ conTent / Pointof Sele £ Aleady Booked Service..
PavmentMemoji A [ ALLVHONUNENGBILEAQ) ; § SNOTINLISTOBEPBS @ 4 )
Personal nformation media:
hh EMAIL o \—v—l
sans ==
0 Do not send nofification Target the Audience
e if service is already booked
g Spoce sent )
. L
Traveler’s Demographics d
43 years old, Trip 1: London Trip 1: London NOTIICATION SCHEDLLING
. . K . . = s i
6 Malaysian, Trip 2: Venice "“ Trip 2: Venice &= GD 70 0 Before departure
Male,

Trip 3: Maldives (I/} Trip 3: Maldives a <35

! \_Y_I

Erequent Flyg Contextual When Fixed by Airline Agent
Demographics Information Collaborative - Contextua 3 C
Information Information Visited ~ destinations are enriched
using Wikipedia word embeddings s,
& Location-Based Social Networks
g . checkin traces represented as E=2E] 23June2019-14:00
Deep Knowledge Fannn@.nn Machine (DKFM): i R N o ‘ 2 s ;
Adeepnetworktrainedon: ) enabling to infer traveler possible Serr mp C
Travellersdata and theirhstoricel Trps collaboratvefierng), el sl ohh Sern
Destination descriptions (content-based similarity), — a,: Decide to send
1 THE Demographics and context-based data to predict the next traveller destination B \3 20w petoreont the notification
R\ﬁ QG 3, X . Environment based on a Policy g
Amine Dadoun, Raphael Troncy, Olivier Ratier, Riccardo Petitti. 2019. Location for Next Trip

EURECOM = aMaDEus

Sopnia Amtipelin



